HDB Resale Price

Machine Learning Linear Regression



Problem Statement

* With HDB resale price on the rise, there is a need to better predict
sale price in order to budget for future purchase.

* Price prediction is based on several factors such as location, flat type
and lease remaining.

e Dataset is obtained from singstat.gov.sg and data covers transaction
from Jan 2017 to Jan 2022.



Data Observations

* Majority of resale flat
type are 4-room and 5
room in Sengkang,
Punggol, Yishun,
Woodlands, Tampines.
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Data Observations

Manthly Transaction by Town

o Number of
transaction in

i Singapore’s 10 most
I populous town.

| e Sale were low in
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g.frame.DataFrame >
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non-null
non-null
non-null
block 11 non-null
street_name 11 non-null
storey_range 11 non-null
floor_ 117 non-null
flat_m 117 non-null
COmMENC 117 non-null
non-null
non-null floated4
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* Dataframe has 117,932 entries with 11 columns

* No null values found.

maining_.

e st ‘ | » Datatype in Dataframe contains object, float and integer.
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£ s * Strong correlation of 0.621 between floor_area_sqm
"’ and resale_price. This suggests that a higher floor

: o area will result in a higher resale price which is

E - generally true.

1,. * Lease commence date also has a correlation with

o e resale price. Generally, a later lease commence date
i‘Z o imomecaonet will fetch a higher resale price as there are more

g ¢ e st o years remaining in the flat.

e * Floor area and lease commence date do not seem to
RL AN i S have a correlation given a score of 0.151.

dtype: floats4
resale_price
floor_area_sgm 1. 6060664 B.15869 8.621973

lease_commence_date B g 1. B.348542
resale price 8.621973 @.3




Results and Suggestions

Results on Test Data

RMSE: 44656.32 * LinearRegression model was used with accuracy

R2 Score: B®.92169
resale price Of 92%

* Predicted price differs from -67% to 0.4%. (See
attached excel file for full comparison)

 Random Forest model may be tested to see if it
brings about greater accuracy.

 As it stands, current model with 92% accuracy is
sufficient.

Max ¥ difference: 8.411

Min % difference: -67.421 * Past sales data from before 2017 may be used to
train model for greater accuracy.




